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! Artificial Neural Networks (ANNSs)
* Neuro-fuzzy % Fuzzy
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2 Support vector machine

* Root Mean Square Error (RMSE)

* Nash-Sutcliffe (NSE)

% Gene Expression Programming (GEP)
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! Sediment Rating Curve (SRC)
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® Test data set
° Data driven models
1% Self-organizing map
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! Suspended sediment load

% Root Mean Square Error (RMSE)
¥ Mean Absolute Error (MAE)

* Coefficient of determination (R?)
® Calibration data set

® Training data set

" Cross-validation data set
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® Self-Organizing Map (SOM)

* Proportional allocation

> Davies-Bouldin index

® Two-sample Kolmogorov-Smirnov test (KS)
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! Feed-Forward Multi-Layer Perceptron
(FFMLP)
2 Back propagation
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! Competitive phase

% Co-operative Phase

® Adaptive phase

* Best Matching Unit (BMU)
®> Model predictor
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